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Acquiring full k&-space arrays takes a considerable
amount of time, being the limiting factor in
capturing brain activity. Measuring less data can
reduce this time and is achieved by skipping lines
8 | in k-space which is indicated by the acceleration
factor. To accomplish this, multlple receiver coils are utilized in parallel to obtain the subsampled
k-space arrays. However, subsampling causes the images to be aliased or appear “folded over.”
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